The Scrutinized-firm Effect, Portfolio
Rebalancing, Stock Return Seasonality, and the
Pervasiveness of the January Effect in Canada

George Athanassakos
Wilfrid Laurier University, Canada,
and ALBA, Greece

This article examines whether seasonality is present in the excess returns of
low risk Canadian firms in safe industries for a sample of firms that are highly
scrutinized and visible and uses such tests as the foundation to empirically test
competing explanations of stock market seasonality, namely, the tax-loss selling
hypothesis and the gamesmanship hypothesis. The tests cover the period 1980
t0 1998. For asample of highly scrutinized and visible firms strong seasonality
in excess returns is reported. However, the firms in our sample have unusually
low excess returns in January and returns adjust upwards over the remainder of
the year. The results hold even after we control for various risk differences
among the stocks of our sample. Further, this article’s findings imply that the
January effect is not as pervasive across risk classes and industry sectors as
earlier studies using aggregate data have shown it to be. The disaggregated
data of this study provide evidence in support of the gamesmanship
hypothesis, but not the tax-loss selling hypothesis. Whenever a January effect
is observed, the last quarter of the year tends to be weak for those companies
in our sample that experienced a strong January. The opposite is true when a
January effect is not evident, as the gamesmanship hypothesis would predict
(JEL G14).

Keywords: firm visibility, gamesmanship hypothesis, January effect, portfolio
rebalancing.

|. Introduction

Researchersin Canada, the US and around theworld have documented
that the average rate of return to stocks in the month of January is

*The author would like to thank two anonymous referees for suggestions to improve
the paper, Bob Leshchyshen formerly of Dominion Bond Rating Service Ltd. for providing
part of the bond rating data and also acknowledge the excellent research assistance of John
Bagnall, Madhav Hari, Cory Dawe and Catherine Poon. Financial support was provided by
aWilfrid Laurier University Short-Term Research Grant.

(Multinational Finance Journal, 2002, vol. 6, no. 1, pp. 1-27)
©Multinational Finance Society, a nonprofit corporation. All rights reserved.
DOI: 10.17578/6-1-1



2 Multinational Finance Journal

higher thanin any other month of theyear.* Thisphenomenonisknown
in the Finance literature as the January effect. In the US, the January
effect isstrictly asmall firm phenomenon (see Reinganum [1983] and
Keim [1983] among others). While smaller firms tend to outperform
larger ones in Canada (see Berges et al. [1984]), and other world
markets (see Gultekin and Gultekin[1983]), the January effectismore
widespread in these markets than in the US.

Although many explanations have been proposed for the January
effect, a universally accepted theory on why it occurs has not yet
emerged.? Two hypotheses, however, have received a great deal of
attention: thetax-losssalling hypothesis (see Reinganum [ 1983] and Rall
[1983]) and the gamesmanship hypothesis (see Haugen [1990] and
Haugen and Lakonishok [1988] ). Thegamesmanship hypothesi sasserts
that the high returnson risky securities (generally smaller companies) in
the month of January are caused by systematic shiftsin the portfolio
holdings of professional portfolio managers who attempt to *window
dress’ or influence performance-based remuneration. Largeinstitutional
investors are net buyers of risky securities at the beginning of the year
whenthey arelessconcerned about including well-known securitiesin
their portfolios or they aretrying to outperform benchmarks. By year-
end, portfolio managers remove lesser-known, risky, or poorly
performing stocks from their portfolios and replace them with well
known and less risky (generaly larger) stocks with solid recent
performance. Theexcessdemandfor risky securitiesat the beginning
of theyear bidsthe prices of these securities up. According to the tax-
loss selling hypothesis, returns are high on some (generally smaller)
stocks because tax-loss selling diminishes in January. At year-end
investors sell stocks that have fallen in price over the year in order to
realizecapital losses. Thetax-lossselling hypothesiscenterson how the
behaviour of individual investors affects market dynamics, whereasthe
focus of the gamesmanship hypothesisisoninstitutional investors. In

1. See, for example, Rozeff and Kinney (1976), Keim (1983), Brown et al. (1983),
Berges et al. (1984), Tinic and Barone-Adesi (1988), Tinic et a. (1987), Kato and
Schallheim (1985), and Gultekin and Gultekin (1983).

2. See, for example, Reinganum (1983), Seyhun (1988), Tinic and West (1984), Ritter
(1988), Ritter and Chopra (1989), Haugen and Lakonishok (1988) and De Bondt and Thaler
(1987).
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either case, the stock of small and risky firms is subject to selling
pressure at year-end, which reverses in January and is replaced by
buying pressure. However, only the gamesmanship hypothesisfurther
predictsthat the average (excess) returnsof well-known, safefirmsare
lower in January as compared to other months of the year.

Inthisarticle, weexaminewhether seasonality isalso presentinthe
(excess) returnsof low risk firmsin safeindustriesfor asampleof firms
that are highly scrutinized and visible and use this asthe foundation to
test competing explanations of the January effect.

Wedocument strong seasonality in excess(market adjusted) returns
for asample of highly scrutinized and visible firms. This seasonality,
however, is opposite in direction to that reported for small, less well
known, firms(seeKeim[1983]). Thesamplefirmscommand unusually
low excess returnsin January and excess returns adjust upwards over
the remainder of the year.® Even after controlling for size, and various
risk considerations, negative excessreturnsin January tend to persistin
our sample firms.

In addition to documenting the impact of firm visibility on stock
returns, this article also demonstrates that the January effect isnot as
pervasive as previous research tended to show. Strong January returns
arenot documented for all firmsindependent of the degree of exposure
to public scrutiny afirm has received. In addition, January returns are
not strong for every sector of the economy or risk classin which the
stock belongs.

Finally, thisarticle shedslight to the competing explanations of the
January effect by providing support for the gamesmanship hypothesis.
Whenever a January effect is observed, the last quarter of the year
tends to be weak for those companiesin our sample (namely, the least
visible) that experienced astrong January. The oppositeistruewhena
January effectisnot evident (namely, for themost visiblestocks), asthe
gamesmanship hypothesiswould predict. Thisfindingisconsistent with
other Canadian (see Athanassakos and Schnabel [1994]) and US (see
Cuny et al. [1996] and Ackert and Athanassakos [2001]) studiesof the
gamesmanship hypothesis, which used different data bases and
methodol ogy to test for the gamesmanship hypothesisand the January

3. While the firms employed in this article have positive raw returns in January, these
returns are much less pronounced than those of less followed firms.



4 Multinational Finance Journal

effect. The above studies performed direct tests of the gamesmanship
hypothesis, asthey used mutual fund and/or pension fund datain their
tests. In an attempt to find corroborating evidence by looking at the
guestion from adifferent angle, thisstudy offersan indirect test of the
competing hypotheses. It |ooksat the behaviour of stock returns, which
have beenimpacted by thetrading of institutional investors, rather than
at these investors' trading behaviour directly. Athanassakos and
Schnabel (1994) and Cuny et al. (1996) examined all firms in their
universe. Ackert and Athanassakos (2001), on the other hand, focussed
only on asample of visible firms, namely firmsthat werefollowed by
many analysts. As in Ackert and Athanassakos (2001), this article
examines asample of highly visiblefirms. However, visibility hereis
proxied by the extent towhich afirm hasdebt rated by Dominion Bond
Rating Service of Toronto rather than by the extent to which afirmis
followed by analysts.

This article's findings will be particularly useful to institutional
investorssince portfolio managers bonusand, indeed, survival aretied
to their short-run performance vs. benchmarks for the kind of
investment and risk they bear (see, for example, Globeand Mail [ 19953,
1995h, 1996] and Business Week [1995]). The cyclical nature of the
securities industry and the high turnover of this industry's personnel
reinforces such short-term performance eval uation measures. Sincethe
January return usually makes a large part of a portfolio manager's
annual return, information (such as the one that is sought after in this
article) hel ping managersdo better than averagein January can bequite
useful.

Therest of thearticleisorganized asfollows: section || devel opsthe
testable hypotheses. Section Ill discusses the data and sample
characteristics. Section |V discussesthe methodology, whilesectionV
reports and interprets the findings. Finally, section VI provides the
conclusions to the article.

[. Testable Hypotheses
Previous research has documented that the January effect is a small

firm effect. For example, Keim (1983) findsthat roughly one-half of the
annual small firm premium documented by Banz (1981) occurred during
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the month of January. This evidence has been corroborated by Blume
and Stambaugh (1983), and Haugen and Lakonishok (1988), among
others. Thissmall firm effect isconsistent with both thetax-lossselling
and the gamesmanship hypotheses, as discussed in section |.

In this article, we argue that if the gamesmanship hypothesis is
correct, not only should we observe seasonality inthe excessreturns of
small and risky firms, but also in the excessreturns of well known and
low risk stocks. Asportfolio managersrebalancetheir portfolios away
fromrisky stocksand into low risk stocksin safeindustriesin order to
lock in profitstowardsyear-end, they should bid up the pricesof thelow
risk stocks and down those of high-risk stockstowards year-end. The
opposite effect on stock prices should be expected at the beginning of
theyear asportfolio managersrebal ancetheir portfoliostowardshigher
risk stocks and away from lower risk stocks at that time. Thus, we
expect to observe seasonality in excess returns for a sample of firms
that arewell known andlow risk that isopposite of any seasonality that
isobserved for smaller and high risk stocks. On the other hand, if the
January effect results from tax-loss selling, we expect to find little
seasonality inthestock returnsof well-known and low risk firms. Tax-
losssellingisassociated with individual investorswho tend to hold low
capitalization stocks (see Ritter [1988]). Institutional investors, onthe
other hand, concentratetheir portfolioson larger, safer companies(see
Blumeand Friend[1986]). Thus, ingeneral, the stock of well-known and
low risk firmsshould not be subject to any buying or selling pressurefor
the purposes of tax-loss selling. Our research hypothesisis:

H,. There is no seasonal pattern in the excess returns of highly
scrutinized firms.

Totest thishypothesi s, wechooseasampleof highly scrutinised firms.
We use firms that have bonds outstanding that have been rated by
Dominion Bond Rating Service Ltd. of Toronto (DBRS) in order to
differentiate highly scrutinised firmsfromthosethat are not.* Both bond
rating agencies and stock analysts evaluate publicly traded companies
and communicate their findings and opinions to investors. Evidence
showsthat both provide new information to themarket (see Ederington

4. The relative quality of bonds traded in Canada is judged to some extent from bond
ratings given by Dominion Bond Rating Service Ltd. of Toronto or Standard and Poor’s
(formerly, the Canadian Bond Rating Service Ltd. of Montreal).
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and Goh[1998]). Earlier researchlooked primarily at analyst following
as a proxy for visibility (see Brennan et al. [1993], Brennan and
Subrahmanyam[1995] and A ckert and Athanassakos[2002]) or media
coverage (see Falkenstein[1996]). We proxy visibility by theextent to
which a company has debt rated by DBRS. Evidence provided by
Ederington and Goh (1998) demonstrates that bond rating agencies
obtain and analyzeinformation faster than anaystsand that bond rating
agencies expend more resourcesin detecting deteriorationsinafirm’'s
financial position. Furthermore, rating agenciesappear toreceiveinside
information unavailable to stock analysts such as minutes of board
meetings, profit breakdowns by product and new product plans (see
Ederingtonand Y awitz [1987]). Becausebond rating agenciesmonitor
rated companiesclosely, mismanagement or lack of information about
mismanagement arelikely to belessprevalent for thosefirmsthat have
bondsrated. Thus, in acting asinformation analyzersandintermediaries,
bond rating companies promote firm visibility.

Thefollowing subsidiary hypotheseswill also betested to examine
the effect of firm size, and risk on the January effect for our sample of
highly scrutinized firmsand further investigate the pervasivenessof this
effect.

Hi: There is no (differential) seasonal pattern in the excess
returns of highly scrutinized firms when ranked based on
mar ket capitalization.

Firm capitalization proxies for firm liquidity and risk (see Banz
[1981] and Roll [1983]). Thelessliquid afirmisthehigher theeffect of
investor trading on stock prices. If demand risesin January for stocks,
small firm stock priceswill be particularly bid up and astrong January
effectinthese stockswill be observed (see Roll [1983] and Haugen and
Lakonishok [1988]).

Therefore, if stock market seasonality is driven by firm size, we
should expect a (differential) seasonal pattern in the excess returns of
firms based on market capitalization and hence regject the above
hypothesis.

H2: There is no (differential) seasonal pattern in the excess
returns of highly scrutinized firms when ranked based on
bond ratings.
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Empirical studies provide evidence that there is close relationship
between acompany’sbond rating anditslevel of total risk, that current
bond ratings do provide information about the relative risk of a
company’ssecuritiesand that rating agencieshave acquired areputation
for accurately eval uating and reporting therisks of new bondissues (see
Wakerman [1990]). Moreover, Famaand French (1989) argue that as
default risk increases (and bond ratingsare proxiesfor default risk), the
equity risk-premium should also increase, dueto the junior position of
equity claimsrelativeto debt claimsin bankruptcy. They provide support
of this argument using US data.

Therefore, if stock market seasonality is driven by total risk
differencesamong companies, we should expect a(differential) seasona
patterninthe excessreturnsof firmsbased onrisk classification, where
thelevel of risk isproxied by the bond rating, and hencereject theabove
hypothesis.

H3: There is no (differential) seasonal pattern in the excess
returns of highly scrutinized firms when ranked based on
betas.

Chopraand Ritter (1989) document apositiverelationship between
the strength of the January effect in the US and the beta coefficient.
They find, however, that therelationshipisrobust only for thesmall firm
size-sorted portfolios. Whilework by Famaand French (1992) may have
shed some doubt in the validity of beta as a measure of risk, recent
evidencesupportsthe positiverel ationshi p between expected returnsand
beta and the use of beta as ameasure of risk (see Pettengil, Sundaram
and Mathur [1995]).

Therefore, if stock market seasonality is driven by systematic risk
differences among companies, in aworld that the only risk priced is
systematicrisk, wewould expect a(differential) seasonal patterninthe
excessreturns of stocks based on beta classification, and hence reject
the above hypothesis.

HZ: There is no (differential) seasonal pattern in the excess
returns of highly scrutinized firms when ranked based on
industry riskiness.

The Toronto Stock Exchange (TSE) has an industrial classification
system based on product (good or service) and business cycle



TABLE 1. Sample Characteristics
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Dominion Bond Rating Number of Number of Different
Service Rating Observations Companies per Rating

A. Risk Classification

1. AAA 240 9

2. AA 3,049 35

3. A 6,754 84

4. BBB 2,796 49

Tota 12,839 177
Toronto Stock Exchange Number of Number of
Industry Classification Observations Companies

B. Magjor Industry Classification?

1. Metds& Minerds 768 4

2. Gold & Precious Metals 154 2

3. Qil & Gas 1,415 9

4. Paper & Forest Products 959 7

5. Consumer Products 1,390 9

6. Industrial Products 1,785 18

7. Red Estate 443 8

9. Pipdines 796 5

10. Utilities 1,454 11

11. Communications & Media 464 4

12. Merchandising 693 4

13. Financia Services 2,134 16

14. Conglomerates 383 4

Total 12,839 101

Note: 2ndustry #8, Transportation & Environment, is not represented in our sample,
as DBRS rated no companiesin that industry.

characteristics. Table 1, Panel B showsthevarious T SE industry groups.
Althoughthisclassification systemisnot perfect, asit groupsfirmsthat
inmany casesarenot very homogeneous, it will sufficefor our analysis,
as long as clear differences in risk characteristics exist between
industries (see Hatch and White [1988: 194-195]).

Industry groups differ widely in their risk characteristics as is
reportedin Reilly and Drzycimski (1974). Their study findsthat thereis
a wide range of risk among different industries and that the risk
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measures over time were reasonably stable. Therefore, although risk
measuresfor different industries show substantial dispersion during a
period of time, individual industries' risk measuresare stableover time.
Thismeansthat the analysis of past industry risk is necessary, and that
thishistorical analysiscan aid attemptsto estimatethefuturerisk of an
industry.

Therefore, if anindustry classification ranking servesasaproxy for
risk, we should expect a (differential) seasonal pattern in the excess
returns of stocksbased onindustry classification, and hencereject the
above hypothesis.

[11. Sample Selection and Data

A. Sample Sdlection

This study covers the period January 1980 to December 1998. The
samplesizestudiedislimited by theavailability of company investment
grade bond ratings. Our sample includes company data subject to the
following criteria.

(i) All companieshavebondsrated by the Dominion Bond Rating
Service Ltd., at least, over six consecutive years.®

(i) All companies have stocks traded on the Toronto Stock
Exchange (TSE).

(iif) All companies have beta estimates in the Canadian Financial
Market Research Centre (CFMRC) data base.®

5.  Survivorship and selection biases may be introduced by this requirement.
Survivorship bias, however, may work against this article's hypothesis, thus strengthening
the findings if support for the hypotheses is found. In other words, survivorship bias should
introduce positive bias on the January excess return, as our sample stocks, being subject to
such bias, should experience higher returns than the benchmark/market portfolio. However,
here we hypothesize negative January excess return, as it will be seen later. On the other
hand, selection bias is key to this and related research as such studies are attempting to
select highly visible stocks.

6. The CFMRC data base is derived from the TSE/Western data base, a joint effort by
the Toronto Stock Exchange and the University of Western Ontario Business School. We
use the data base’'s monthly file in this study. Among other financial statistics, this file
contains monthly rates of return for al Canadian based common equities in the data base
or in any given month, as well as total rates of return for the TSE-300, and two universe
indexes, an equally weighted index and a value weighted index, over the period January 1950
to date.
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(iv) All companiesare classified under an industry inthe Toronto
Stock Exchange Index Review.

Thefinal samplecontains 12,839 observationsfor 101 firmsrepresenting
13 industries from the 14 industries classified in the Toronto Stock
Exchange Review.’

B. Data

The sampleencompasses 101 companieswithaDominion Bond Rating
Servicerating that passed the screeningtestsover the study period. The
industry classificationsof the stocksin the samplewere obtained from
theToronto Stock Exchangelndex Review. Thecompany bond ratings
wereobtained fromthe DBRSHistorical Index Report, which provides
“asummary of long-term issuer credit ratings for Canadian borrowers
that issue or guarantee outstanding debt”. Some companies appear in
more than onerating class astheir bond ratings were changed over the
study period. Monthly betas, prices, shares outstanding, total stock
returns, and returnsof the TSE-300 val ue-weighted and (total universe)
CFMRC equally weighted total returnsindexeswereobtained fromthe
CFMRC data base.

Thesamplecharacteristicsarereportedintable 1, panel A by rating
and by TSE-industry classificationintable 1, panel B. For the purpose
of this study, ratings are quantified by 1 if AAA to 4 if BBB. For the
purpose of this study, industry groups are quantified by 1 if Gold &
PreciousMetalsto 13if Utilities. Industriesareranked from hightolow
total risk (i.e., standard deviation of returns) with Gold & Precious
Metals being the most risky industry in our sample and Utilities the
lowest risk industry (see table 2, panel B).2

7. One would expect our sample to contain 23,028 observations given the time period
and the number of companies in the sample. However, not all company related observations
in our sample started and ended at the same time. It all depended on when DBRS started and
ended rating a company’s debt. Moreover, the CFMRC data base does not report beta
estimates for all companies/months in our sample. This limited our sample size to 12,839
observations. Nevertheless, the number of observations per year/month does not vary much
over the sample period.

8. Industry #8 (see table 1), Transportation & Environment, is not represented in our
sample, as DBRS rated no companies in that industry that passed our screening tests over
the period covered by our study.
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Table2reportsmedian valuesof key risk and size/pricevariablesof
companies in our samplein relation to bond rating and TSE-industry
classification over the period covered by the study. Therisk variables
per rating and TSE-industry classification behave as expected. Given
that our samplefirmsarehighly visible, we also seeintable 2 that many
are large and haverelatively high priced stocks. Note, however, that a
significant number of sample firms are of small to moderate
capitalization. We get some perspectiveon size by considering thesize
of all Toronto Stock Exchange firms for the period 1986 and 1993
included inastudy by Jogand Li (1995). The smallest size-quartilefor
the TSE stocks reported in Jog and Li (1995) had an average value of
CAD $56.2million. Thesmallest size-quartileof our samplefirmsfor the
sameperiodrangesfrom CAD $2.9 millionto CAD $395.9 millionwith
an average value of CAD $211.5 million, suggesting that many of our
samplefirmscan beclassified assmall. Moreover, the overall median
market value of our sample firms over the 1980-1998 period is CAD
$903.3 million with afirst quartile of CAD $351.1 million and third
quartile of CAD $2454.7 million.

V. Methodology

Totest for stock return seasonality in relation to our H, hypothesis, the
following pooled time-series/cross-sectional dummy OL Sregressionsare

run.®
12

Ry =+ Zaj D), +e,., (1)

=

whereR,,isthetotal monthly raw or excess(market adjusted, based on
the TSE-300 Vaue Weighted or the CFMRC Equally Weighted Total

Return Indexes) stock return for stock g in month t, chyt isadummy

variablethat isequal to 1 if the current month ismonth j and equal to
zero otherwise. Thismodel identifiesthemonthsinwhich stock returns
areunusually high. It testswhether stock returnsin agiven month (j =
2 to 12) are different from a base month, in this study January. The

9. Pooled regressions are run for the reasons detailed in Beaver et a. (1997), and in
order to capture the seasonal behaviour of stock returns over time.



Multinational Finance Journal

12

'SUINJaJ JO SUOITRIASP pJepuels Uo paseq
seusnpul Jo Bupjuey, 'spRIA puog epeued Jo JusWwuIBA0B ay) snuiw sppIA puog alesodiod ggg 01 VY'Y S o8 1o NRN00S sfieene ay) Jo Ueipaw ay 1,
‘uolealyisse|o Ansnpu3s ] Jo Buires rejnonsed e Ul asegerep DY NGO aY} Wol) 3jduwes Ino Ul SY201S JO Se1aq ¥203S UOWWD Uelpall 8y, DI0N

Y 1erE 19'/2 eTTo’ €T [] 650" 8500 SeRUIN BSERIN
00°€€9T €9'GT 12T0° 62T [t] 2890 0000 SR |A SnoiosId % PI0D
9¢°/88 0022 ¥600° YT [e] €090 0000 oS3 ey
8G'GZTT ov'sT 8TT0’ 50T [s]8250 £900° S19Npo.d 15910 7 Joded
05'266 88'9T 1010’ 66’ [6] veso 1100 BIPSIN 9 SUOIED UNWILIOD
€59/21 0502 010" 70'T [ot] 6250 0800~ sofeJewo|Buod
88T £9°€2 Z600° 16 [0] g9g0r 1500 se 3 |10
€9°/G/ €922 00TO’ 86° [z] 8g90 1900’ S10NPoId [eLISNpU|
91'G88T 08've 6800 oL [2]1zsso rAR10) S10NPOId JBWINSUo)
81'86ST 0S°€Z 8100 08’ [tT] 2250 8210’ SIOINIBS [RIOURUH
98'T/L €9°€T 8600 Gl [8] evsor 0500’ Busipueyoe N
Z8°€12T ¥8'6T 1600 €9 [eT] oevOr 0010’ seulpdd
98'9/¢ £9'6T 9800° o' et 2Th0° rad 08 seninn

uoieayisse|o Ansnpu Jofe | :g

68°€TL 8891 ¢sto 0T 650 2800° g4ad
26°C66 €9T¢ €600° a8’ 92s0° T800° v
16'G96T 0S'9¢ 1/.00° 7 c6v0° €010’ vv
6ESIYT 00'9¢ 0,00’ €9’ 88170° 7900’ vvv

uomedlyisse| Burey puog syaa v

(1w ¢ avo) ($awvo) Peauds pRIA UL eReg (Alyuo ) (Alyuo )
aneA BN 801id Y201S swney Jo ‘A PIS  suinipyY paziesy

ZT:866T 01 T:086T POIod a3} Jojsuoiredysse|D Ausnpu| pue >siy pdss|qeliep oY josanfeA uvelpp N 'z 319V.L



Stock Returnsin Canada 13

intercept a, indicates the average raw or excessreturn of stocksin our
samplefor the month of January. Therest of the coefficientsrepresent
theaveragedifferencein returnsbetween January and each of the other
months.

To test for stock return seasonality in relation to our H to H
hypotheses, the following pooled time-series/cross-sectional dummy
OL Sregressionswith interaction termsarerunin order to additionally
capture portfolio seasonal effects, i.e., thejoint effect of theimpact of
size or risk characteristics on stock raw and excess returnsin January
and the rest of the year.

Ry = ZaJDq’ﬁZb,thD‘ )

This single regression equation is equivalent to using a Zellner’'s
Seemingly Unrelated Regression specification on a set of twelve
separateregressions, one per month (see Judge et al. [1985: 800-801]).
Such aregressionisolatestheimportance of size or risk characteristics
in each month of the year, differentiates each month from each other
and associates the firm-size and various risk characteristics of afirm
with stock raw or excess returns. Independent variable X, , stands for
market capitalization, beta coefficient, bond rating or TSE-industry
classification.® Regression (2) initsvariousspecificationswill also test
for H, after controlling for the impact of various portfolio seasonal
effects on stock returns.

V. Empirical Resultsand Interpretation of Findings
Table 3 reports the results of OLS dummy variable regressions

(regression (1)) for theraw and thetwo excess (market adjusted) return
series employed in this article.* For raw returns the typical seasonal

10. Asthe results from the regressions run independently may be related, we also run
regression (2) where al X, variables were included in a single regression. Results and
conclusions do not change. Hence, results are not reported in the article but are available
upon request.

11. To investigate the robustness of our tests to different definitions of excess returns,
we also used risk-adjusted excess returns based on the CAPM, where the market portfolio
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TABLE 3. Tests of Monthly-Seasonal Effects in Raw Returns (R;) and Excess
Returns Against the TSE-300 Value-Weighted (R;s) and the
CFMRC Equally Weighted (Rg,,) Total Returns Stock | ndexes

R R —Rre R —Rew
Month Raw Returns Excess Returns Excess Returns
January .0191 .0048 -.0212
(7.97)*** (2.23)** (8.72)***
February .0009 .0016 .0191
(-29) (.53) (5.58)***
March -.0018 .0048 .0142
(.53) (1.60) (4.14)***
April -.0143 —.0042 .0182
(4.22)*** (1.43) (5.30)***
May .0018 -.0076 .0191
(.54) (2.53)** (5.58)***
June -.0138 —.0006 .0191
(4.12)*** (:19) (5.58)***
July -.0074 -.0097 .0243
(2.19)** (3.23)*** (7.09)***
August —.0058 —.0043 .0134
a.72)* (12.42) (3.97)x**
September -.0327 —-.0048 .0243
(9.67)*** (1.60) (7.07)x**
October —-.0195 —-.0012 .0395
(5.75)*** (-39) (11.57)***
November .0012 -.0017 .093
(.35) (.56) (2.72)***
December .0019 —.0050 .0154
(.55) (1.64)* (4.47)***
F—Statistic 20.47*** 3.64%** 15.26%**

Note: The table reports the results of dummy OLS regressions for a sample of returns
of highly scrutinized firms for 1980 through 1998 time period. The table reports ordinary
t—statistics in parentheses below each estimated seasonal dummy variable and in the final raw
F—tests of the null hypothesis of no differences across months. *, **, *** gignificant at the
10%, 5% and 1% level, respectively.

was defined as the TSE-300 value weighted index, as well as the CFMRC equally weighted
index. The results (not reported here but available upon request) were identica to those
reported in the article using the market adjusted returns model to estimate excess returns.
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pattern of returns is evident. Returns in January are higher than the
remainder of theyear. Thecoefficient for the January dummy ispositive
and significant and all other dummy variabl e coefficientsare negative,
though not all aresignificant. The F-statisticrejectsthenull hypothesis
of no difference across months at the 1% level of significance. The
excessreturnsof our samplestocksagainst the TSE-300 valueweighted
stock index, arelatively comparablegroupintermsof risk and visibility,
alsoreveal strong January seasonal, though most of the other monthsdo
not appear to be significantly different from January. However, the F-
statistic here too rejects the null hypothesis of no difference across
months at the 1% level of significance. With regards to the excess
returnsof our samplestocksagainst the CFM RC equal ly wei ghted stock
index, which puts more weight on smaller stocks and thus tends to
include arelatively less scrutinized and followed on average group of
stocks, strong seasonality in excess returns is also documented.'
However, this pattern in excessreturnsis opposite to that reported for
asampleof small stocks. Rather than earning positiveexcessreturnsin
January, the sampleof highly scrutinized firms earned negative excess
returns. Excess returns adjust upwards over the remainder of the year.
TheF-datistic rg ectsthenull hypothesisof no differenceacrossmonths
at the 1% level of significance. Thus, wereject thenull hypothesis(H,)
that there is no seasonal pattern in returns of highly scrutinized firms.
The pattern of excess returns (against the CFMRC equally weighted
stock index) is consistent with the gamesmanship hypothesis.

To investigate whether there exists seasonality by firm size or
variousrisk characteristicsin our sampleof highly scrutinizedfirms, we
estimateregression (2), whichincludes (interaction) portfolio seasonal
effects in addition to the monthly seasonal dummies.®* Each of the

12. The CFMRC equally weighted index gives higher weights to smaller firms, is itself
broader based and thus it includes more smaller stocks as opposed to the TSE-300 value
weighted index, which is not as broadly based and gives a higher weighting to the stock of
larger companies. The TSE-300 value weighted and the CFMRC value weighted indexes
gave similar results. Thus we only report the results obtained using the TSE-300 index.

13. To conserve space and focus on the most important portfolio-seasonal effects, we
only report interaction term coefficients for the 1st and last quarters of the year in tables
4 to 6. The remaining coefficients are available upon reguest. Also, industry #14 (table 1,
panel B), Conglomerates, was excluded from our regression analysis that tests
portfolio/seasonal effects based on the TSE-industry classification because there is great
difference between companies in this highly diverse group.
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following tables (tables 4-6) containsfour columns each reporting the
regression coefficientsfrom running regression (2), whereindependent
variable X, stands successively for market capitaization, beta
coefficient, bondratingand TSE-industry classification. Table4 reports
estimatesfor theraw return series. Inpanel A, strong January seasonal
isstill observedinmost of the specificationsof regression (2) even after
controlling for the portfolio-seasonal effects. However, what is more
interesting isthat for our sample of highly scrutinized firms, once we
control for visibility, firm size has a positive relationship to raw stock
returnsrather thanthenegativereationshiptraditionally foundintheUS
and around the world (table 4, panel A). In table 4, panel B, the
regression coefficient for the interaction term between January and
market capitalization has a positive (and statistically significant) sign
indicating that thelarger thefirm the higher the January stock returnsin
our sampleof stocks.** Withregardsto theregression coefficient for the
interaction term between January and beta, apositive (and statistically
significant) coefficient is documented indicating that the higher the
systematic risk, the higher are the stock returns in January. For the
TSE-industry classification regression, the January/TSE-industry
classification interaction coefficient has a negative (and statistically
significant) signindicating that theriskier theindustry inwhich afirm
belongs the higher the January returns. With regards to betaand TSE-
industry classification (table 4, panel B), another interesting findingis
that for the last few months of the year the sign of the coefficientsfor
the interaction terms reverses from that documented for January. The
samepattern isalsoobserved for bond rating, even though the January
interaction termis not statistically significant. An explanation for why
thissignreversion may happenwill befurnished later. All F-tetisticsare
statistically significant at the 1% level of significance. Thus, fromthe
evidence above, we reject the null hypotheses H; to Hg,

Tables 5 and 6 report results for excess returns based on the TSE-
300 value weighted index and the CFMRC equally weighted index,

14.  The month/portfolio interaction variables capture the effect of market
capitalization, beta coefficient, bond rating and TSE-industry classification on excess
returns in a given month of the year. The tests are similar, but more efficient, to sorting
our sample firms according to a firm characteristic, forming portfolios and then observing
how excess returns vary across the firm characteristic-sorted portfolios in a particular
month.
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TABLE 4. Tests of Monthly-Seasonal and Portfolio-Seasonal Effects in Raw

Returns
Independent Market Beta Bond TSE-Industry
Variable Capitalization Coefficient Rating Classification

A. Monthly Seasonal Effects

January .0157 .0075 .0106 .0374
(5.63)*** (2.13) (1.06) (6.75)***
February .0049 .0013 .0048 -.0107
(1.27) (.14) (.34) (1.38)
March .0045 .0041 —.0042 -.0202
(1.17) (.43) (-30) (2.61)***
April -0129 .0099 .0118 —-.0390
(3.30)*** (1.06) (.84) (5.02)***
May .0033 -.0010 .0085 -.0135
(.85) (.112) (.60) (1.74)*
June -.0107 .0023 .0035 -.0354
(2.74)x** (.25) (.27) (4.57)***
July —.0055 —-.0061 -.0224 -.0239
(1.41) (.66) (1.59) (3.07)***
August —.0005 .0216 .0029 —.0245
(.15) (2.29)** (.21) (3.15)***
September -.0312 .0117 —.0248 -.0705
(7.95)*** (1.29) a.75)* (9.04)***
October —-.0189 .0167 .0151 —-.0615
(4.81)*** (1.78)* (2.07) (7.87)***
November .0039 .0247 .0120 -.0244
(.98) (2.65)*** (.85) (3.12)***
December .0052 .0090 .0012 —-.0260
(1.32) (.95) (.08) (3.31)***

B. Portfolio—Seasonal Effects

January/ .0000 0131 .0029 —.0024
Portfolio (2.70)*** (1.89)* (.88) (3.66)***
February/ —.0000 0128 0016 —.0008
Portfolio (.19) (1.89)* (.49) (1.26)
March/ —.0000 0067 .0037 .0000
Portfolio (1.61) (97) (1.15) (.02)
October/ .0000 —.0277 —.0088 0033
Portfolio (1.81)* (3.97)*** (2.67)*** (4.99)**
November/ .0000 —0135 —.0008 .0009

Portfolio (.65) (1.93)*+ (22) (1.45)
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TABLE 4. (Continued)

Independent Market Beta Bond TSE-Industry
Variable Capitalization Coefficient Rating Classification
December/ —.0000 .0051 .0032 .0013

Portfolio (.06) (.72) (.95) (2.97)**
F-Statistic 10.71*** 13.12%** 10.69*** 12.12%**

Note: The table reports the results of dummy OLS regressions for a sample of returns
of highly scrutinized firms for 1980 through 1998 time period. Monthly seasonal effects
are captured in panel A, which reports coefficients of monthly dummy variables.
Portfolio—seasonal effects are captured using interaction terms between the monthly
dummies and portfolio formation variables based on market capitalization, beta, bond rating
and TSE-industry classification. Regression coefficients for these tests are reported in panel
B. The table reports ordinary t—statistics in parentheses below each estimated independent
variable and in the final raw F—tests of the null hypothesis of no differences across months.
* xx xxx gignificant at the 10%, 5% and 1% level, respectively.

respectively. The January seasonal weakens considerably in table 5,
panel A after controlling for portfolio seasonal effects. However, all
January interaction coefficientsaresignificantintable 5, panel B. The
January/portfolio coefficient for thefirm size equation, oncewecontrol
for firmvisibility, has positive sign as opposed to the negative sign
traditionally documented. The January/portfolio coefficient for thebeta
regressionispositive, thesameasfor thebond rating regression.’® The
sign of the January/portfolio coefficient for the TSE-industry
classification regression is negative. Notice that again the portfolio-
seasonal coefficients for beta, rating and TSE-industry classification
regressionsreverse sign towards thelast few months of the year (table

15. Kotoulas and Kryzanowski (1996) find that a multifactor model with time varying
risk-premia explains a significant portion of the January seasonality in Canadian data. As
a result, to further investigate the robustness of the beta-based findings, the beta-based
regression (2) was re-estimated by allowing risk-premia to vary over time. This refinement
made the January/portfolio coefficient of the beta regression insignificant without, however,
changing its sign. Moreover, while the November/portfolio coefficient has aso become
insignificant, the above-mentioned refinement has made the December/portfolio coefficient
statistically significant, when it was not before. Finaly, the October/portfolio coefficient
is still significant at the 1% level of significance. As a result, allowing risk-premia to vary
over time did not materially alter the article’s overall conclusions regarding seasonality in
excess returns of highly scrutinized and visible Canadian firms. These results are not
reported in the article but are available upon request.
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TABLE 5. Tests of Monthly Seasonal and Portfolio—Seasonal Effects in Excess

Returns Against the TSE-300 Value Weighted Total Returns I ndex

Independent Market Beta Bond TSE-Industry
Variable Capitalization Coefficient Rating Classification
A. Monthly-Seasonal Effects
January .0021 —-.0072 —-0130 .0231
(.84) (1.23) (1.47) (4.70)***
February .0048 .0089 .0096 —-.0103
(1.40) (1.09) (.77) (1.49)
March .0104 .0115 .0136 —-0148
(3.02)*** (1.40) (1.09) (2.15)**
April —.0032 .0154 .0367 —.0286
(:93) (2.87)* (2.93)*** (4.15)***
May —0053 —0061 .0139 —-0201
(1.54) (.74) (1.15) (2.93)***
June .0014 .0197 .0176 —-.0236
(.40) (2.41)** (1.42) (3.44)***
July —0070 —0029 -0141 —0245
(2.03)** (.36) (1.31) (3.56)***
August —.0015 .0081 .0175 —-.0254
(.43 (.97) (1.39) (3.68)***
September —0003 .0405 .0269 —.0407
(.08) (4.87)*** (2.15)** (5.90)***
October —-0002 .0363 .0557 —.0412
(.07) (4.38)*** (4.45)*** (5.95)***
November —.0023 .0087 .0160 —.0305
(.67) (1.05) (1.13) (4.39)***
December .0022 .0044 .0054 —-.0322
(.64) (.54) (.43) (4.62)***
B. Portfolio—Seasonal Effects
January/ .0000 .0134 .0060 —-.0024
Portfolio (2.51)*** (2.19)** (2.08)** (4.16)***
February/ —.0000 .0053 .0033 —.0008
Portfolio (.13) (.89) (1.55) (1.38)
March/ —.0000 .0059 .0030 .0001
Portfolio (2.98)** (.98) (1.05) (:25)
October/ .0000 —.0288 —-.0133 .0029
Portfolio (1.15) (4.68)*** (4.55)*** (5.15)***
November/ .0000 .0017 —.0001 .0013
Portfolio (2.90)*** (-29) (.03) (2.25)***
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TABLE 5. (Continued)

Independent Market Beta Bond TSE-Industry
Variable Capitalization Coefficient Rating Classification
December/ —0000 .0028 .0025 .0012

Portfolio (-20) (.45) (.85) (2.07)**
F-Statistic 4.49%** 4.98*** 3.71x** 4.94%**

Note: The table reports the results of dummy OLS regressions for a sample of returns
of highly scrutinized firms for 1980 through 1998 time period. Monthly seasonal effects
are captured in panel A, which reports coefficients of monthly dummy variables. Portfolio
effects are captured using interaction terms between the monthly dummies and portfolio
formation variables based on market capitalization, beta, bond rating and TSE-industry
classification. Regression coefficients for these tests are reported in panel B. Excess returns
are calculated using the TSE-300 Vaue Weighted Total Returns Index. The table reports
ordinary t-statistics in parentheses below each estimated independent variable and in the
final raw F—tests of the null hypothesis of no differences across months, *, **  ***
significant at the 10%, 5% and 1% level, respectively.

5, panel B).%®

With regards to table 6, we observed a strong January (monthly)
seasonal inpanel A, which, however, isoppositeindirectiontotheone
traditionally documented. Furthermore, thereisastrong negative excess
return in January for our sample of highly visible firms, no matter
whether we control for portfolio seasonal effectsusingfirmsizeor risk
characteristics. In table 6, panel B, we document a positive
January/bond rating interaction coefficient, which indicates that the
lower the bond rating of a company (i.e., the higher the bond rating
number assigned inthisarticle), the higher the average excessreturn of
January over the 1980-1998 period. Moreimportantly, consistent with
thegamesmanship hypothesis, thereisanegativerel ationship between
excess returns and bond rating for October and November (see the
negative October/Portfolio and November/Portfolio interaction
coefficients), the opposite from January. The worse the rating, the
higher the excess return in January, but the lower the excessreturn in
thelast few monthsof theyear. If institutional investorsbail out of risky
firms toward the end of the year in order to lock in returns and invest
into safer firms, the documented negative relationship in the last few

16. Asdiscussed in Section I11.B, companies whose bonds have been assigned a rating
of 4 are riskier than companies with a rating of 1. Similarly, companies in industry group
with arank of 1 areriskier than companiesin industry group with arank of 13.
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TABLE 6. Tests of Monthly Seasonal and Portfolio—Seasonal Effects in Excess
Returns Against the CFM RC Equally Weighted Total Returns Index

Independent Market Beta Bond TSE-Industry
Variable Capitalization Coefficient Rating Classification

A. Monthly-Seasonal Effects

January —.0240 -0333 —0342 -0111

(8.80)**+ (4.95)**+ (3.37)**+ (2.09)**

February 0249 0363 0269 0012
(6.34)*** (3.88)*** (1.88)* (1.50)

March 0219 0265 0178 —.0034
(5.40)*** (2.82)**+ (1.25) (.46)

April .0208 0399 0597 -0042
(5.20)*** (4.23)*** (4.18)**+ (.56)

May 0227 0197 0425 .0082
(5.76)**+ (2.00)* (2.98)**+ (1.09)

June 0219 0473 0315 .0007
(5.57)%*+ (5.05)%*+ (2.21)** (.10)

July 0262 0275 0138 .0084
(6.66)*** (2.92)**+ (.96) (1.10)

August —0176 0237 0330 —.0065
(4.45)** (2.49)*** (2.30)* (.85)

September —0316 0736 0576 —0072
(7.98)**+ (7.70)**+ (4.00)*** (.94)

October 0406 0736 0897 0003
(10.25)*** (7.75)*** (6.25)*+ (.04)

November -0135 0323 0402 0149

(3.41)**+ (3.40)*** (2.80)*** (1.96)**

December -0193 0275 0248 .0096
(4.80)**+ (2.87)*** L.72)* (1.26)

B. Portfolio—Seasonal Effects

January/ .0000 0135 0044 —0022
Portfolio (2.79)*** (1.92)*+ (1.31) (3.70)**+
February/ —.0000 —.0059 0174 -0013
Portfolio (1.45) (.86) (52) (2.15)**
March/ —.0000 —.0003 0032 —.0000
Portfolio (2.08)*+ (.05) (.95) (.08)
October/ .0000 —.0249 -0126 0027
Portfolio (1.56) (3.52)**+ (3.78)**+ (4.56)**+
November/ —.0000 -0123 —.0061 0010

Portfolio (:29) (L.74)* (1.82)* (1.90)**
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TABLE 6. Tests of Monthly Seasonal and Portfolio-Seasonal Effects in Excess
Returns Against the CFMRC Equally Weighted Total Returns I ndex

Independent Market Beta Bond TSE-Industry
Variable Capitalization Coefficient Rating Classification
December/ —0000 .0001 .0012 .0009
Portfolio (.16) (.04) (-36) (1.50)
F-Statistic 8.03*** 10.36*** 9.09*** 9.54***

Note: The table reports the results of dummy OLS regressions for a sample of returns
of highly scrutinized firms for 1980 through 1998 time period. Monthly seasonal effects are
captured in panel A, which reports coefficients of monthly dummy variables.
Portfolio—seasonal effects are captured using interaction terms between the monthly
dummies and portfolio formation variables based on market capitalization, beta, bond rating
and TSE-industry classification. Regression coefficients for these tests are reported in panel
B. Excess returns are calculated using the CFMRC Equally Weighted Total Returns Index.
The table reports ordinary t-statistics in parentheses below each estimated independent
variable and in the final raw F—tests of the null hypothesis of no differences across months.
* xx xxx gignificant at the 10%, 5% and 1% level, respectively.

months of the year should have been expected.

Table 6, panel B also documents a strong positive relationship
between beta and January returns, as evidenced by the positive
January/beta interaction coefficient. In fact, there is a stronger
relationship between beta and January returns than bond rating and
January returns. Similar to the bond rating findings, October and
November are weak months for the high beta stocks (see the negative
October/Portfolio and November/Portfoliointeraction coefficients). The
relative strength of October and November for the low beta stocks, the
corresponding weakness in the returns of the high beta stocks and the
statistical significance of the interaction terms for October and
November provide further support to the gamesmanship hypothesis.

TheJanuary effectisnot aspervasive acrossindustry groupsasone
would have thought, given theevidenceintable 6, panel B. Generally,
the higher the overall risk of theindustry (i.e., the lower the industry
classification number assignedinthisarticle), thehigher theincidenceof
aJanuary seasonal, asevidenced by the negative January/T SE-industry
classification interaction coefficient. As discussed earlier, industry
groupswith arank of 1to 7 areriskier (in termsof standard deviation
of returns) than groups with arank of 8 to13. October and November
returns are significantly different across industries, with the safer
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industries having higher (positive) returns and the riskier industries
having lower (negative) returns(seethe positive October/Portfolioand
November/Portfolio interaction coefficients), as portfolio managers
rebalancetheir portfoliosaway fromrisky industriesand into safer ones.
In fact, we find (not shown here) that October and November are
seasonally strong monthsfor such higher quality and safer industriesas
Utilitiesand Pipelines. If portfolio managerslock in profitsand moveto
lower risk companies, itisonly reasonabl ethat they moveinto regul ated
industries that expose them to lower risk. The industries with the
strongest Januarysarein order of strength, Paper and Forest, Industrial
Products, Consumer Products, Metals and Minerals and Financial
Services. The January strength (weakness) of stocksin high (low) risk
industries and their corresponding weakness (strength) in October-
November provideyet further support for thegamesmanship hypothesis.
All F-dtatisticsinthis Tablearestatistically significant at the 1%l evel of
significance. Thus, here too, we reject the null hypotheses H} to H.
Hypothesis H, is also rejected from the evidence in table 6.

Taken together theresultsfrom tables 5 and 6 (panel s B) show that
theJanuary effectisparticularly strongfor low quality stockswithahigh
betain high-risk industries, and weak for high quality stockswith low
betain low risk industries.'’

V1. Concluding Remarks

This article has examined whether seasonality is also present in the
returns of low risk Canadian firms in safe industries for a sample of
firmsthat are highly scrutinized and visible and used such tests asthe
foundation to empirically test competing explanationsof stock market
seasonality, namely, the tax-loss selling hypothesis and the
gamesmanship hypothesis. Thetests covered the period 1980 to 1998.

17. As some of the firm characteristics used in the article may be liquidity related, we
divided our sample into quartiles based on a measure of liquidity (namely, volume/shares
outstanding) and re-estimated the article's regressions for each liquidity-based quartile using
market-adjusted and risk-adjusted (CAPM-based) excess returns. The results (not reported
here but available upon request) did not indicate any consistent variability in excess return
seasonality between quartiles suggesting that liquidity-differences was not the reason for this
article's findings. We would like to thank an anonymous referee for pointing out these
additional tests of robustness of the article’ s findings.
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The article documents that seasonality in returnsis not aphenomenon
observed only for small firms' stocks. For asampleof highly scrutinized
and visible firms strong seasonality in excess returns is reported.
However, thefirmsin our samplehave unusually low excessreturnsin
January and returnsadjust upwardsover theremainder of theyear. The
resultshold even after we control for variousrisk differencesamongthe
stocks of our sample. Further, this article's findings imply that the
January effect is not as pervasive across risk classes and industry
sectors as earlier studies using aggregate data have shown it to be.
While both small and large stocks exhibit seasonality in Canada,
generalizationsof the pervasivenessof the January effectin Canadacan
bemisleading. Conclusionsto theeffect that one can profit by investing
in the aggregate market in January can result into returnsthat severely
underperform benchmark portfolios. Generaly, only high beta, low bond
rating companies, especially infiveindustry sectors, namely, Paper and
Forest, Industrial Products, Consumer Products, Metals and Minerals
and Financial Services, experience a strong January effect.
Explanationsfor observed seasonal patternsin stock returnscanbe
evauated in light of these findings. The tax-loss selling hypothesis
assertsthat high returnsin January on small firmsresultsfrom selling
pressure at year-end by individuals. We expect no seasonality in the
stock price of well-known, generally larger firms, if the hypothesis
explains seasonal patterns. However, under the gamesmanship
hypothesis, wewould expect to seethe seasonal patternreportedinthis
articlefor highly scrutinized firms. Thedisaggregated dataof thisstudy
provided evidence in support of the gamesmanship hypothesis.
Whenever a January effect is observed, the last quarter of the year
tendsto beweak for those companiesin our samplethat experienced a
strong January. The opposite is true when a January effect is not
evident. If portfolio managersinvest to outperform benchmark portfolios,
they will put their money inrisky securitiesat thebeginning of theyear.
However, they do not invest indiscriminately in al stocks. They only
invest in risky securities, namely, in companieswith alow bond rating
and high beta, in generally riskier sectors of the economy. For those
companies, in those sectors, January excess returns can be quite high.
In such cases, the last quarter of the year isweak, as managers bail out
of those stocksin order to lock in profits. Asthey disinvest from those
stocks, managerstend to moveto lessrisky securities pushing up those
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lessrisky securities’ stock prices. Asaresult, thosecompanieswithlow
risk and high quality, in low risk sectors of the economy, tend to have
weak January effect but a strong last quarter of the year, as the
gamesmanship hypothesiswould predict. Theevidenceprovidedinthis
article is consistent with other Canadian (see Athanassakos and
Schnabel [1994]) and US (see Cuny et al. [1996] and Ackert and
Athanassakos[2001]) studiesof the gamesmanship hypothesis, which
used different databasesand methodol ogy to test for the gamesmanship
hypothesisand the January effect. Finally, thearticle hasdemonstrated
that size may not beanimportant determinant of the January effect. The
explanatory power of firm size in previous studies was quite possibly
spurious as firm size may have proxied for firm visibility and other
omitted risk factors.
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